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Research on Phylogenetic Analysis and Feature Selection Based on HBV Sequence
Xie Zuoxiang, Chen Xia, Zhang Junpeng’
(College of Engineering, Dali University, Dali, Yunnan 671003, China)

(Abstract] Hepatitis B Virus (HBV) infection is a global health problem and each HBV genotype has its unique feature. 10 patients
HBV sequences are used to study the evolutionary relationship and the process of mutation base of HBV on the sequence level.
Molecular Evolutionary Genetics Analysis (MEGA) software is firstly applied to make multiple sequence alignment and phylogenetic
analysis for HBV sequences. Then, Waikato Environment for Knowledge Analysis (WEKA) software is applied to conduct feature
selection for HBV sequence. The results show that the phylogenetic trees can accurately predict genotypes of 7 patients HBV
sequences. Furthermore, feature selection can improve the accuracy of classifiers.
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